Latent Class Analysis(LCA) Methods
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Local independence
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e Parameter Estimates

- DDA MYASSE (A TH), ZABE( A IXTH, =2 IxTH)
— A=, FEOF L BE= T + (Tx]) + (Tx))74

- 1tiotCt(over-identification) 2 Q. & Xt T 7t /0 0f....

- A EFH

AB o - -~
— 7y O FEK|= @ 2EH|E(M), @ BHO| OS5 =HE(4
Min|p;-7;° | & 555t EdE+52 T8

— EM-& 12| & 28910 Iterative proportional fitting.
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X @l Qa0 WO274=0. (2 X| AT vs. MAIZ|CY: £7/340] £2)



LCA 7|X 0|2

« Model testing
- BEAS: DY AR YA AB(me A0 B E). EF
@ Pearson Chi-square

NZ (pij — TTjj
ij

~ AB
i — No Significant !

@ Likelihood ratio Chi-square
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e Model selection

- Akaike’s Information Criterion(AIC)
— SEEN S sA[0] HE. 2
00 7t 4E EL Y. - M)
~ G, RTH| XCABON R0[5K| &

ro N oo
o

- Bayesian Information Criterion(BIC)
- S 42| 7IEX & 2T 7|+ AICt 58 7|&.

- Lo-Mendell-Rubin Adjusted Liklihood Ratio Test(LRT)
— K| AE fEH[2t K-17] AE5e| SEH|E H|uw
2x(SEZH|XO|) gt A5, 7ot K| AF 7e

- 7|E}: Entropy X|=(10] =8
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» Posterior Probability & Case Assignment

- NBEE: XHE D4E UG ARIS0| 24 FASO &2

| = O/

tot

& EE

(Bayes's theorem).

~ABX ~ X
~ XAB i 7y S
Tij = <asx Ax ~ABX ~ X (t:2AA2)
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@ data file
- text or ASCII file. H= AlY|.
- Excel2| CSV(comma separated values) file S &.
@ syntax file
- title, data, variable(name, usevariables, classes, categorical...)
analysis, model, output, plot & savedataz® /4.

2y

O

=
LLE
- Q0 BY: B WAl A|S 8 DSt 24

o
- covariate 2: AL CHE H2to| #A|d 4.



giw Mplus - IcaS2ZF_ B30, inp

Eile Edit Miew Mplus Graph MWindow Help
D|=(W| & (5= S| m| -]

M casEZ HEN. inp

fitle: Fun Mplus
itle:

fEA lecture

data:

file is C:#Documents and settingstuserttd S SHAWLCLE 2 lca_raw. csv;

variable:

name = pid sex age wei reg min mid dif tax;
usevariables = reg min mid dif tax:
categorical= reg min mid dif tax:
classes=c(3);

missing=. :

weight=wei;

analwsis:
Twpe=mixture;

starts = 60 5;
savedata:

file is output_3.txt;
gave is cprob;

format is free:

Plaot:
tvpe is plot3;
series is reag (2) min ©3) mid €47 dif (5) taxiB);

output -
techll;

< |
Fun Mplus Ln 3. Col 1 M LI

[




M-plus &lel: covariate 2

i Mplus — IcaS Xl B3 _covariate.inp

File Edit Miew Mplus Graph Window Help

D|=|E| - |m=@ &) m -

M IcasEd NI _covariate.inp

title:
produc latent class analwsis.

data:
file is C:#Documents and settingsuser#dl S = HHLCAS ¥l ca_raw.csv;

variable:

name = pid sex age wei reg min mid dif tax:
usevariables = reg min mid dif tax age:
categorical= reg min mid dif tax;
classes=c({3);:

missing=.:

weight=weai:

analysis:
Twpe=mixture:
Algorithm=integration;

Model :
woveral &
C#1 on age:
c#Z on age:;

savedata:

file is output_3.txt;
save is cprob:

format is free:

Plot:
tvpe is plot3;
series iz rega (2) min (3) mid (4) dif (B) tax(6);

output -
techll;:

Ln 32, Cal 1




M-plus Output 1

e Estimate result

@ Model fit
- Pearson Chi-square, Likelihood ratio Chi-squarel| 4%
- AIC, BIC, Lo-Mendell-Rubin LRT, O|2& oM 7tsd &
ot HMASS = E2%.
- Bt=A A 0| Z7t].

@ Conditional probability
Y SEeli=Ne] Il-xH7:||><o“ st =7

— A5 ZE40[ 1.00|E ASEF7 eHElCh= 2|0
-=2U5F =50 | of A5l S3me. ASE 7.
@ 7|Et
-AEY 2 g0l dgiz 5. K ASHE QHEL AF HE!



M-plus Output 2

* Output data
- HEE A HEHE 8ot
- text file2 X|&.
— raw data, HZY ZHESE, A S0 Cist A
- RS 280 O

~

02

~

 Graph
- 2t HMASO tiot ZARES RHE HA|TFs.
— graph/view graph/estimates probability.
280 e BE7ts.

ot =4 7ts. ex) 7|=&, Tt
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